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Abstract

This article aims to analyze and compare the predictive
capabilities of mathematical models in forecasting the steel
index. The objective is to apply these mathematical models to
construction projects, with the scope of the study focusing
primarily on data from Thailand. The outcomes of this study
involve predicting the steel price index using ARIMA and ANN
models to understand future trends in material price adjustments.
This information can be further utilized for project feasibility
studies, advance material procurement, and risk mitigation in

bidding processes.
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