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Abstract

The objective of this project is to (1) study the use of computer
programs in analyzing large-scale data, (2) indicate the movement
behavior of each vehicle during different periods, and (3) create a
simple command set for fast analysis of large-scale data, as well as
displaying the positional and temporal relationships of events in a
graphical presentation. The researcher used vehicle movement data
obtained from VISSIM simulation and analyzed it through Jupyter
Notebook, a Python language used for analyzing large-scale data.
The study resulted in a set of commands that can analyze traffic
conditions at both the Macroscopic and Microscopic levels, providing
an understanding of overall traffic and vehicle behavior that
influences the flow.

Key words: Vehicle Trajectory ; Coding for analyze data; Graphical

presentation ; Vehicle trajectory simulations
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Travel Time vs Start time from 7376000 to 7380000
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181.0 3024 10 30 73792700 -33984700 73792700 -33984700 4012 185222 285528  -0.168514 08 00
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