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Abstract

Modeling alternative travel patterns more efficiently, a new

approach is needed that can save costs, time, and human

resources while providing real-time movement data. Currently,
the most popular survey method in Thailand is the travel diary
questionnaire, which collects high-resolution data through
home-based interviews. However, this method is expensive
and time-consuming. The proposed solution is to use mobile
signal data from a mobile network to create a neural network
model that classifies patterns and objectives of travel, allowing
for real-time analysis of travel behavior over longer observation
periods. Random Forest (RF) will be used in the modeling
process

Keywords: Model development, Travel activities, Land use
data, Mobile device location data
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